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Figure 1: Participants’ drawings and mind perception of AI.

ABSTRACT
In this mixed-methods study, we attempt to capture users’ concep-
tion of AI through the two-dimensional mind perception framework
(perceived agency vs. experience) in cognitive psychology [13] and
a series of drawing tasks. Our data illustrate how participants per-
ceive AI entities with physical embodiment, depicting AI through
devices, imaginary human figures, or full techno-ecosystems. Fur-
thermore, we apply users’ mind maps of AI entities to highlight
risks in human-AI interaction (HAII) and propose design solutions
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accordingly. We posit HAII research and development should be
cognizant that users possess existing AI images and should exploit
them as starting points for design improvement.
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How would you draw a portrait of AI? Whether you envision a
human face, a mechanical robot, or an abstract object, this vision re-
veals your conception of AI. Howhumans interact withAI-mediated
entities is deeply affected by their perceptions [21, 23, 36, 39]. For
example, when AI systems are designed with humanoid, social cues,
users can be easily distracted from the reliability and trustworthi-
ness of an AI system [35, 37, 38, 42, 43].

In this exploratory study, we ask participants to visualize their
perceptions of AI through a drawing task. While users’ impressions
of AI can vary by device, brand, and context, our goal here is to
inform a preliminary "baseline" of human perceptions of AI. If we
see users’ perceptions of AI as being predominantly human-like,
this warns us that users may be applying inaccurate heuristics to AI
interactions. If most participants viewAI as tools, this may lead us to
ask how incorporating considerations of embodiment can help build
trust and synergy in human-AI collaboration. Applying the mind
perception framework in cognitive psychology [13], we discuss
users’ behavior and design implications in human-AI interaction
(HAII), given their perceived images of AI-mediated entities.

1 BACKGROUND & RELATEDWORK
1.1 Mind perception and behavior in HAII
Gray et al.’s influential work, Dimensions of Mind Perception [13],
proposes that how humans perceive other entities internally and
how such conceptions translate to external behaviors can be mea-
sured through two dimensions: agency (the ability to do) and ex-
perience (the ability to feel). Entities perceived as high agency
and high experience are considered to be more human-like and
similar to the self, while low agency, low experience entities are
less humanoid and more objectified [14, 39, 40]. Moreover, when a
character is perceived with more experience than agency (e.g., an
infant), individuals view that subject as more benign and vulnerable,
and demonstrate greater tendencies to protect, forgive, and "come
to the rescue of" that entity. [4, 17]. Conversely, for those viewed
as having more agency than experience (e.g., a political leader),
people show less empathy toward those agentic doers and perceive
them as less sincere [16]. Indeed, previous work has found that
participants tended to perceive greater agency than experience in a
physical robot and thus may even punish it for moral wrong-doing
[22, 23]. This raises the question of whether today’s users have
already developed their own mind perception standards toward
intelligent agents.

A popular approach in today’s HAII research defines AI through
technical capabilities [1, 44].While this approach resonates with the
concept of agency in the mind perception framework, this working
definition may fail to capture the full picture of human perceptions
of AI and how these may influence behavior. As discussed above,
individuals’ interactions with others are not only determined by the
absolute level of their agency, but more importantly, the relation-
ship between agency vs. experience. Under the mind perception
framework, individuals are more likely to trust the vulnerable re-
gardless of their ability, while they are less willing to comply with
a capable but less empathetic actor. In this regard, solely pursuing
technical advances may not be sufficient to build pleasant HAII
experiences, let alone support effective human-AI collaborations.

1.2 Counterbalancing agency and experience
through design

A key challenge then concerns how we can balance the perceived
agency and experience of AI entities to create user-friendly expe-
riences while diminishing the risk of overlooking deficits in HAII.
Recent research has demonstrated that users’ perceptions of ca-
pability and trustworthiness of AI are malleable [11, 25, 28]. For
instance, participants’ perceived credibility of AI applications can
be significantly moderated through framing [20, 24, 25] or offering
explanations [2, 7]. Though limited work in HAII has attempted
to manipulate the perception of experience in AI, the notions of
building "social robots" [6, 10] or even "robots with soul" [5, 19]
have long been promoted in the field of human-robot interaction
(HRI). Scholars have proposed embedding anthropomorphic cues
in robot design (e.g., adding facial expressions, showing nonverbal
behavior, and sensing micro emotions) [5, 19]. On the other hand,
while the emerging research area of embodied AI offers opportu-
nities for control over the physical appearance of AI entities [29],
ethical and security issues have raised questions of whether hu-
manoid design remains an appropriate design strategy for future
AI-mediated entities [8, 12, 18].

In light of these efforts to manipulate perceived agency and ex-
perience of AI-mediated entities, we propose the question: How
do people visualize AI? In abundant explainable AI research, the
assumption is that users’ perceptions of AI agency are not high
enough to make it trustworthy [2, 31, 33, 41]. The motivation to
design anthropomorphic robots implies that the perceived expe-
rience of mechanical entities is too low [5]. However, it remains
unknown whether these assumptions reflect the reality of users’
mind perception of AI, nor how perceptions of agency and experi-
ence may interact. To address this question, we utilize Gray et al.’s
mind perception model coupled with a drawing prompt to capture
and analyze users’ mind perception toward current AI. Furthermore,
we apply the mind map as a tool to inform HAII design.

2 METHODS AND MATERIALS
2.1 Participants and Procedures
The present research recruited N = 36 student participants from the
Communication and Information Science student participant pool
(SONA) at Cornell University, allowing us to recruit student partici-
pants both from STEM and non-STEM background. All participants
successfully completed the study, and were included the sample.
Nine participants identified as male and 27 participants identified
as female. The mean age of the participants was 21.00 (𝑆.𝐷. = 3.16).
The self-reported ethnicities of our participants are reported in
Appendix A (Table 5). After consenting, participants completed a
survey rating the perceived agency and experience of 7 entities
(Self, AI, Apple Siri, Amazon Alexa, Google Assistant, Computer,
and Robot). Similar to [30], we chose three of the most common
AI agents in consumer products (i.e., Siri, Alexa, and Google Assis-
tant) to compare whether brand identities further influence users’
perception of AI entities. They were also asked to draw a portrait
for each entity, as follows: "Please take a piece of paper on the table
and draw a portrait of [Name of the entity]. You can also add text
annotations to help elaborate what you have in mind." We did not
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provide any other instructions, i.e., we did not explicitly instruct
participants to visualize AI entities through their physical devices.
All rating and drawing questions were presented in a randomized
order. After completing all the drawing and rating questions, par-
ticipants filled out a short exit survey, reporting demographic data,
knowledge related to AI and previous experiences interacting with
AI-mediated agents.

2.2 Measurement
2.2.1 Mind perception. We adopted the original scales of mind
perception measurement [13], including 7 items measuring the de-
gree of agency (𝑀 = 3.59; 𝑆.𝐷. = .95) and 11 items measuring the
dimension of experience (𝑀 = 3.75; 𝑆.𝐷. = 1.12). We followed the
original study protocol by asking participants to perform pair-wise
comparisons using 5-point Likert scales. That is, for each set of
rating questions, participants saw two randomly paired entities and
rated which of the two entities were more capable of performing
each of the items described (see Figure 5 in Appendix). Each partic-
ipant completed pair-wise comparisons for all possible pairs, i.e.,
21 sets of mind perception ratings.

2.2.2 Drawings of entities. Participants were provided with a pile
of letter size paper and a box of 12 colored markers. They were
asked to specified the entity they were drawing on the corner of
each piece of portrait to ensure the authors would not mistake the
entity of each portrait. Each participant drew all 7 entities. In total,
we collected 252 drawings.

2.2.3 Domain knowledge. We asked participants to self-evaluate
their level of expertise in domains related to AI, including (1) artifi-
cial intelligence, (2) computer science, (3) robotics, and (4) machine
learning, using 7-point Likert scales (1 = Not knowledgeable at all;
7 = Extremely knowledgeable). Overall, the majority of participants
did not consider themselves as domain experts on these relevant
areas (𝑀 = 3.62; 𝑆.𝐷. = 1.53).

2.2.4 Prior experiences. We asked participants whether they have
used and interacted with the three branded AI-mediated entities
(Siri, Alexa, and Google Assistant). All participants used at least
one of them previously. Furthermore, we asked them to estimate
the frequency of interacting with these AI entities when they used
a device with such applications on a 7-point Likert scales (e.g., how
frequently they would call Siri up when they were using an Apple
device; 1 = Never, 4 = Half the time, 7 = Always;𝑀 = 1.97; 𝑆.𝐷. =

.81).

2.2.5 Impression of AI in popular media. Finally, we asked partici-
pants to describe a memorable piece of content from popular media
(e.g., movies, online videos, social media content) that influences
their impression of AI using open-ended text. Furthermore, we
asked participants to rate the "uncanniness" of the AI entity they
described using existing 7-point Likert-scales [15] (𝑀 = 4.11; 𝑆.𝐷. =

2.03).

2.3 Data Analysis
We began our analysis by coding the drawings qualitatively before
looking at the survey responses. Applying an open coding approach
[9], each author went through all the drawings independently, and

took notes on observed themes. We then regrouped to discuss how
themes identified by the two coders converged and/or differ. To-
gether, we developed a qualitative codebook for the drawing data
(see Figure 7 in Appendix). Next, we plotted participants’ draw-
ings of each entity according to their average survey ratings on
the dimensions of agency and experience [13]. This allowed us to
examine whether participants’ perceived agency and experience of
these entities reflect on their envisioned, visualized forms. Finally,
we explored whether participants’ domain knowledge, prior experi-
ences, and impressions of AI influenced their mind perception and
how these factors related to with their drawings’ positions on the
mind maps.

3 RESULTS
3.1 Overview of AI mind perception & physical

embodiment

Figure 2: Mind perception of all entities.

An overview of participants’ drawing of AI is shown in Figure 1
and the mind perception ratings of the seven entities are shown in
Figure 2. Replicating previous literature, participants rated them-
selves as having highest agency and highest experience, followed
by AI and then Robot. Mind perceptions of the three branded AI
assistants were nearly identical, while Computer was perceived as
having the least "mind". Through an one-way ANOVA test,1 we
verified that the degree of agency (𝐹 = 10.60, 𝑝 < .001) and experi-
ence (𝐹 = 8.14, 𝑝 < .001) differs significantly by entities. Following
up with a Tukey HSD test to examine pair-wise difference, we saw
AI rated as marginally more agentic and experiential than Robot,
and significantly greater in both dimensions than Siri, Alexa, and
Google.

Participants’ drawings of AI (Figure 1) and AI-mediated entities
vary by the extent of embodiment, personification, and their rela-
tionships with physical devices. Despite the term AI per se being
1As the ratings for "self" are much higher than all other entities, we performed the
ANOVA test both including and excluding the "self" category (i.e., one test comparing
across all entities and one test comparing among non-human entities). However, the
results remain the same. The statistics here report test results among non-human
entities.
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an abstract concept, participants associated it with physical
forms and objects. In fact, only 3 out of all drawings stated AI
"has no tangible form." Based on our initial review of the drawings,
we developed a coding scheme, informed by existing literature
[3], to evaluate whether participants’ visions of AI included the
following forms of embodiment: body schema (i.e., showing body
parts, such as limbs and/or torso as in human figures), emotion (i.e.,
showing emotional cues such as through facial expression), and
social identity (i.e., showing cues that represent one’s identities,
such as gender or race). Based on participants’ drawings, we also
coded for "voice" in the drawings, as that is also a common medium
for AI embodiment.2 Indeed, participants’ drawings of AI entities
show how they can be embodied in various forms (body schema:
23.2%, emotion: 18.8%, social: 15.2%, voice: 47.8%) and can own
more than more types of embodiment. However, participants who
vision AI entities as "more embodied" (i.e., being embodied through
more forms and tangible elements) did not perceive them as more
agentic (Pearson’s 𝜌 = −.17, 𝑝 = .05) or having more experience
(Pearson’s 𝜌 = −.09, 𝑝 = .30)3. A large portion of participants asso-
ciated AI entities with specific devices (Device-based embodiment;
see more in Section 3.3.1). Among participants who envisioned AI
entities without specific devices (Device-free embodiment; see more
in Section 3.3.2), mind perception for AI shows significantly higher
agency (𝑡 = 3.99, 𝑝 < .001) and experience (𝑡 = 3.97, 𝑝 < .001).
In drawings of AI entities (but not in the drawings of Robot and
Computer), some participants considered their interactions with AI
entities to extend beyond one-on-one communication with the AI
per se. This allowed us to distinguish two key themes in participants’
drawings —they may present AI by and of itself or demonstrate
the processes, infrastructure, and even organizations that go into
the loop of AI development and implementation, which we call
infrastructure-in-the-loop. Below, we elaborate further on these
two concepts.

3.2 AI in techno-ecosystem:
Infrastructure-in-the-Loop

A handful of drawings (17%) illustrate AI entities through a se-
quence or network of events. In essence, participants denote the
path from inputs (e.g., images) to outputs (e.g., prediction, classifi-
cation, pattern identification), accompanied by some or all of the
following elements: Depiction of users offering data through devices
and/or interfaces, which get stored in certain data management
systems or, specifically, "the cloud." Such storage is often linked
to individuals (e.g., programmers) and/or organizations (e.g., tech
companies) that construct and implement AI applications. Eventu-
ally, the system sends output decisions and/or actions back to users.
In this view, human-AI interaction is beyond individual human and
AI. Instead, the full path of interactive experience is grounded on
and supported by a holistic techno-ecosystem and establishes a
one(user)-to-many(system) relationship. For instance, when users
call up Google, they are interacting with "a group of men connected
to help."
2Again, two authors coded the elements of physical embodiment in each drawing
independently. The inter-rater reliability is 89.9%.
3The Pearson’s coefficients here represent the correlation between the number of
embodied cues (through body schema, emotion, social identity, and/or voice) versus
ratings for perceived agency and experience respectively

Dependent variable df Sum Sq Mean Sq F-value p-value
Experience 5 47 9.31 8.14 < .001***

Table 1: ANOVA test on the relationship between perceived experi-
ence and entities

AI Alexa Computer Google Robot
Alexa < .001*** - - - -

Computer < .001*** .951 - - -
Google .003** .966 .539 - -
Robot .432 .088 .006** .444 -
Siri < .001*** 1.000 .955 .963 .084

Table 2: Tukey HSD test on the significance of pair-wise difference
in perceived experience between entities

Dependent variable df Sum Sq Mean Sq F-value p-value
Experience 5 47 8.95 10.6 < .001***

Table 3: ANOVA test on the relationship between perceived agency
and entities

AI Alexa Computer Google Robot
Alexa < .001*** - - - -

Computer < .001*** .998 - - -
Google < .001*** .993 .922 - -
Robot .062 .071 .022* .263 -
Siri < .001*** 1.000 .999 .992 .070

Table 4: Tukey HSD test on the significance of pair-wise difference
in perceived agency between entities

Figure 3: Examples of drawings of AI as "infrastructure in the loop."

We further asked whether this sophisticated view of AI is specific
to more knowledgeable and experienced users. However, partic-
ipants who drew infrastructure-in-the-loop did not self-identify
as more AI savvy (𝑡 = −.61, 𝑝 = .54) nor more experienced (𝑡 =

.96, 𝑝 = .34) than those who drew AI alone. Finally, we examine
how this view of AI maps to mind perception. As shown in the
blue area below the diagonal in Figure 4, those who portrayed AI
in a user-to-ecosystem relationship assigned greater agency than
experience to AI-mediated entities.
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3.3 AI by and of itself
Among those who visualized AI as an individual entity, we saw a no-
ticeable gap in the degree of anthropomorphism. Participants either
presented AI entities by illustrating devices (e.g., iPhone, Amazon
Echo) or they drew humanoid representations—more specifically,
female figures —of AI, Siri, Alexa, and Google. However, this does
not indicate the non-humanoid presentations of AI were consid-
ered as less personified. Through other forms of embodiment and
sensory modalities (e.g., voice), participants described AI as "having
emotions and personalities." For example, participants mentioned
Siri as "funny," "approachable," and "more friendly," as "she tells
better jokes," while Alexa is "more put together." Below, we break
down the two forms of presentation to discuss device-based vs.
device-free embodiment.

3.3.1 Device-based embodiment: AI lives in devices. Around half of
all drawings (47%) visualized AI and AI-mediated entities through
devices (e.g., computers, smartphones, tablets, smart home devices,
etc.). Through their drawings and notations, participants conveyed
the idea that AI entities "live" or "hide" in these devices, where
they "do all the thinking." In other words, the capability to feel
(experience) and do (agency) is embedded in the devices as such.
More specifically, participants described Alexa as "AI being trapped
in a gadget" and that "Siri lives in iPhone." Distinct from previous
embodiment literature [3], where different forms of embodiment
are leveled in a continuous fashion (having body schema→ having
emotions → having social identity), here, various types of embod-
iment are independent. For example, participants perceived the
"positivity" and gender identity of Siri without ever seeing "her"
smiley facial face. On the mind map, these drawings fall along the
diagonal and near the center of the plot, which means device-based
AIs are perceived as equally agentic and experiential, with both
dimensions rated at moderate levels.

3.3.2 Device-free embodiment: AI owns its face. On the other ex-
treme, we saw that participants came up with their own visions of
AI entities (in 13.4% of all drawings). Unlike the illustrations for Ro-
bot, which were "sort of human-looking in structure, but not really"
(see more in the next section), these images of AI are completely
"human-like." Some are further annotated with demographic details
(e.g., "Siri is 25 years old"). In this regard, we examine whether these
humanoid representations of AI are also perceived as having more
human-like minds (i.e., having high experience and high agency).
We saw these drawings fall in the triangular area above the diagonal
of the mind map (see Figure 4), which indicates participants tended
to perceive AI and AI-mediated entities as having more experience
than agency. Again, we ask whether the tendency to imagine AI
"with a face" is elicited by certain characteristics of the participants.
But once again, the participants who rendered AI as fully humanoid
did not show greater domain knowledge nor more prior experience
than those who did not do so.

3.4 Contrasting AI: Human has hair, Robot
lacks a social role, and Computer is "just a
computer"

In this part of the analysis, we contrast general and branded AI
entities to other characters in the present study (i.e., participants

themselves, Robot, and Computer). To begin with, we identified
hair as an element that is crucial to constructing a human figure.
In all self-portraits, participants clearly illustrated the color, style,
and length of their hair. Even a bald participant who drew a por-
trait of themselves wearing a mask added facial hair to the figure.
While eyes and mouths are commonly illustrated in drawings of all
human(-like) figures, hair was only depicted in self-portraits and
imagined humanoid representations of AI, but not in any of the
Robot drawings. This resonates with the aforementioned comment,
which suggests that robots have the structure of human body but
not the details. Moreover, in drawings of Robot, the gender, social
role, and technical capability of robots are unspecified, nor did we
see any traits of interaction with human users (i.e., participants pre-
sented robots in solo). By contrast, participants frequently showed
back-and-forth conversations and/or actions between agents and
users in drawings of AI-mediated entities. Finally, drawings of Com-
puter are the most consistent across all participants. These images
feature the device alone, typically with a screen and keyboard. Par-
ticipants did not show users interacting with computers nor did
they specify their technical capacities.

3.5 AI in pop culture has more experience than
agency

After drawing their own visions of AI entities, participants were
asked to describe their impressions of AI in popular media, mostly
inspired by movies (e.g., The Terminator, iRobot, Her), a few from
social media (e.g., Lil Miquela), and news coverage of tech products
(e.g., Siri, Alexa, and Google). According to participants, highly
humanoid robots dominated images of AI in the popular cultural
sector. Such entities are depicted as being capable of "mimic[king]
human emotions, behavior, habits" and "whatever humans can
do," which leads to two common story plots: Either AI "takes over
humanity," or a man may "fall[s] in love with a robot who can feel
him." While we did not see these dramatic elements reflected in
participants’ drawings (only 6 out of all drawings for AI entities
include the theatrical components above), participants’ ratings for
AI in popular media showed higher experience than agency when
AI was described as a character rather than a product (situated
above the diagonal in the mind map, see Figure 6d in Appendix).

4 DISCUSSION
In this project, we applied the mind perception framework to cap-
ture participants’ perceived images of AI beyond its technical ca-
pability. We found that users tended to imagine AI in three ways:
(1) a physical device, (2) a humanoid figure, or (3) a full techno-
ecosystem that affords the development and implementation of AI.
Different from previous work, which found that mind perceptions
suggested both high experience and high agency for personified
characters but low agency and low experience in inanimate objects
[17, 23, 40], participants assign more experience than agency when
associating AI with a human face and body, while emphasizing
agency over experience when including infrastructures in the loop.
We also see that participants’ perceptions of the humanoid, social
identities of AI need not be based on lower-level, physical embodi-
ment (e.g., AI does not need to be embedded in body schema to elicit
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Figure 4: Top: Drawings of AI with imaginary humanoid figures
(red outline) and infrastructure in the loop (blue outline). Bottom:
Applying the mind map as a tool to diagnose risks in HAII and
corresponding design solutions.

flesh and blood in users’ minds). Below, we consider the conceptual
and practical implications of our current findings.

4.1 Design guidelines: Mind map as a tool to
inform HAII design

In this section, we discuss how the mind map from our study
could be applied to inform HAII design strategies (Figure 4). As
discussed in Section 1, when users’ mind perception toward an AI-
mediated entity falls above or below the diagonal line (imbalance

between agency and experience), relevant HAII risks arise accord-
ingly. Therefore, we use this tool to inform design decisions on
which direction to move users’ perceived agency and/or experience
toward AI applications.

De-anthropomorphic design for "vulnerable AI" (experi-
ence > agency). When mind perception falls in the red triangular
area above the diagonal (see Figure 4), individuals view an entity
as vulnerable and benign —indeed, this is the area where humans’
mind perception for children and infants falls [4, 13, 17]. Partic-
ipants’ drawings further show that they tend to envision highly
humanoid images when they perceive AI in this fashion. Here, we
see risks of users over-trusting AI and forgiving its deficits or im-
proper usage [42]. To resolve these issues, we can either consider
increasing perceived agency or decreasing perceived experience. To
achieve the former, technical advances of AI provides an obvious
path, though it likely requires more time and resources to accom-
plish. As a result, reducing humanoid cues in content design to
reduce the perceived experience of an AI application can be a more
feasible alternative [6]. In fact, given that users already hold highly
experiential impression toward entities in this area, adding human
touches (through visual and sound features) can increase the risk
of deception (i.e., can cause users to mistakenly treat AI-mediated
agents as overly human).

Highlight limitations of "powerful AI" (agency > expe-
rience). On the other hand, the blue triangular area below the
diagonal (Figure 4) signals challenges for establishing trust and
engagement. Furthermore, as users recall the full ecosystem that
goes into the building and making of AI, their perception of agency
tends to overpower the extent of perceived experience in machine-
mediated entities here [15]. Recent HAII literature has proposed a
number of effective ways to communicate the limitations of an AI
system [1]. In this regard, clarifying what an AI application cannot
afford offers a more promising and achievable solution to amend
users’ impression of overly powerful AI entities.

4.2 Empirical and theoretical implications
Because we did not show participants any visual references (i.e.,
we did not show participants any physical or virtual agent in the
study, which is a common study setup in prior work), our study
demonstrates that users possess their own "baseline" mind per-
ception toward AI entities. This finding first raises the need to
differentiate the effects of a specific agent’s physical embodiment
from users’ existing perceptions toward that type of agent. This
leads to several theoretical connections with previous research on
users’ mental models of AI. To begin with, we found that consumer
products of AI (i.e., Siri, Alexa, and Google Assistant) received lower
ratings in both perceived agency and experience than the more gen-
eral concepts of AI and robot, aligning with Sundar’s dual-process
framework of the Theory of Interactive Media Effects for Human-AI
Interaction (HAII-TIME, [34]). Specifically, this theoretical model
suggests that when users view AI as a symbol, they impose their
own beliefs about the capability of AI; but when users engage in
direct interaction with AI entities, they base their evaluations on
the AI’s specific attributes. Therefore, the limitations of current AI
products (e.g., given the current state-of-the-art of natural language
processing, Siri cannot completely understand user speech) can
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easily reduce users’ perceived capability of AI entities when they
actually use and interact with them. According to the Stereotype
Content Model, [27] individuals tend to view AI as more competent
but less warm when it operates independently, while AI showing
alignment with human interests is perceived as more friendly and
socially close. While the two opposite scenarios resonate well with
the images of AI as tech infrastructures and as humanoid figures in
our study, this also implies perceived AI independence may help
explain individuals’ baseline impressions of intelligent machines.
Considering the affective or experiential dimension, [32] has found
participants may even view humans as "higher in goodness" but
weaker than AI when carrying out technical tasks. Finally, it is
worth noting that, as shown in Figure 2, all of the AI entities remain
lower than human in both the agentic and experiential dimensions.
Based on the Uncanny Valley, users’ possessing images of AI that
are humanoid to – but not quite human – can trigger particularly
uneasy feelings during interactions [26]. Together, our current work
adds to previous research to depicted a more comprehensive view
of humans’ impression of AI. Future work will investigate how
these perceptions may influence users’ willingness to interact with,
trust, and collaborate with AI systems.

5 CONCLUSION, LIMITATIONS AND FUTURE
WORK

This mixed-methods study captures users’ mind perception of AI
entities. The drawing data first show that participants model the
physical embodiment of AI in their mind through devices, imag-
inary human figures, or infrastructures-in-the-loop. Informed by
participants’ drawings and mind perception ratings, we apply the
mind map as a tool to pinpoint potential risks in HAII and explain
how users’ existing images of AI can help inform design solutions.
Specifically, when AI is associated with a vulnerable figure (expe-
rience > agency), perceived experience of AI should be reduced
through de-anthropomorphic design; when users view an AI prod-
uct through a full, powerful AI ecosystem, conveying its limitations
to reduce perceived agency can be a possible solution to enhance
engagement. Beyond learning from the current small study, we
encourage future work to empirically examine the effectiveness
of our proposed design implications. Furthermore, given our cur-
rent methodology, we acknowledge that our study design may
have encouraged participants to concretize their conception of AI.
Therefore, we encourage future studies to probe users’ perception
through other approaches, such as through language (e.g., inter-
view) or neuroimaging. Finally, given the current mixed-methods
design, we conducted the study with a restricted sample size, con-
sisting of student participants who mostly identified as female. In
this regard, we encourage future work to consider survey designs
that allow researchers to study users’ mind perceptions on a larger
scale. In summary, users imagine a range of tangible forms of AI
entities, and we posit HAII research and development should be
cognizant of such existing AI images and exploit them as starting
points for design improvement.
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6 APPENDIX
A SELF-REPORT ETHNICITY OF

PARTICIPANTS IN THE PRESENT STUDY

Ethnicity Count (%) Ethnicity Count (%)
Biracial/Multi-racial 5 (13.9%) Black American 4 (11.1%)

Caucasian 13 (36.1%) East Asian 11 (30.6%)
Hispanic 5 (13.9%) Native American 1 (2.8%)

Pacific Islander 0 (0.0%) South Asian 3 (8.3%)
South East Asian 1 (2.8%)

Table 5: Participants’ self-report ethnicity in the present study

B MIND PERCEPTION SURVEY

Figure 5: Snapshot of the pair-wise rating questions
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C DRAWINGS OF OTHER AI ENTITIES

(a) Siri (b) Alexa

(c) Google Assistant (d) Pop Culture

Figure 6: Drawings of consumer AI products (Siri, Alexa, and Google Assistant) and AI in popular culture
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D QUALITATIVE CODEBOOK

Figure 7: Emerging themes based on qualitative coding of the drawing data
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